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During the course of this presentation, we may make forward‐lookingstatements regarding 

future events or plans of the company. We caution you that such statements reflect our 

current expectations and estimates based on factors currently known to us and that actual 

events or results may differ materially. The forward-lookingstatements made in the this 

presentation are being made as of the time and date of its live presentation. If reviewed after 

its live presentation, it may not contain current or accurate information. We do not assume 

any obligation to update any forward‐lookingstatements made herein.

In addition, any information about our roadmap outlines our general product direction and is 

subject to change at any time without notice. It is for informational purposes only, and shall 

not be incorporated into any contract or other commitment.Splunk undertakes no obligation 

either to develop the features or functionalities described or to include any such feature or 

functionality in a future release.

Splunk, Splunk>, Turn Data Into Doing, The Engine for Machine Data, Splunk Cloud, Splunk 

Light and SPL are trademarks and registered trademarks of Splunk Inc. in the United States 

and other countries. All other brand names, product names, or trademarks belong to their 

respective owners. © 2019 Splunk Inc. All rights reserved.
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Data PointsA million
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Water Leak Detection w/ 
Machine Learning

Mobile Work FleetCorrosion Analytics

Agenda
3 use cases
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Agenda

1 App! (Depends on MLTK & Maps+)

• Take demo home (README.md)

• Take action at work (README.md)

• Up your Splunk game (README.md)

1 App
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Agenda
Solution Deep Dive(s)/Demo

• SPL takeaways

• Implementation examples

• Tip / Tricks (README.md)

• Q & A 
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Corrosion Analysis

Sinkholes

Disparate Data

• ArcGIS

• Maximo

• IoT devices (voltage, PSI etc.)

Pipe Replacement Priorities

Background
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Corrosion Analysis

Defining Corrosion Level w/ Eval

• Voltage

• Outliers

• Categorize w /Eval! (my favorite!)

Map - Deep Dive
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Correlation & Normalization

• Join (would normally use search)

• Rename for normalization

Corrosion Analysis

Correlation & Normalization

• Join (would normally use search)

• Rename for normalization

Map - Deep Dive
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Corrosion Analysis

Eval ROCKS!

• Coloring mile markers

• Map+ Icons

• HTML Magic!

Map - Deep Dive

Map+ Icons

Coloring Mile Markers

HTML Magic!
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Corrosion Analysis

Eval ROCKS!

• Coloring mile markers

• Map+ Icons

• HTML Magic!

Map - Deep Dive

Calling APIs!

https://developers.google.com/maps/documentation/javascript/get-api-key
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Corrosion Analysis

Machine Learning

• Apply

• Search

• Report / Alert!

Prediction - Deep Dive

SearchApplyReport / Alert!
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Corrosion Analysis

MLTK

• Predict Categorical Fields assistant

• Knowledge Objects

• __mlspl_ model lookups

Prediction – Implementation & requisites
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Predicting Categorical Fields
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Corrosion Analysis

MLTK

• Predict Categorical Fields assistant

• Knowledge Objects

• __mlspl_ model lookups

Prediction – Implementation & requisites
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Knowledge Objects
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Corrosion Analysis

MLTK

• Predict Categorical Fields assistant

• Knowledge Objects

• __mlspl_ model lookups

Prediction – Implementation & requisites
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__mlspl_ model lookups
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Demo
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Mobile Work Fleet

Inventory to AH HA!

No native data

• Scripted inputs

Rate payers want:

• Fiscal responsibility

• Data Driven Decisions

• Maximum Efficiencies

Background

Link to blog

https://cyberklomp.wordpress.com/2015/02/01/how-to-use-scripted-inputs-in-splunk-with-allsigned-execution-policy/


©  2 0 1 9  S P L U N K  I N C .

Mobile Work Fleet
Mobile - Deep Dive

“You can’t always get what you want…”
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Mobile Work Fleet

• But if you try sometimes, you might just 
might find, Splunk’s got what you need

• No time for % signs cause we are
the champions!

• Is there anybody out there!?

Mobile – deep dive

But if you try sometimes, you might just might find, 

Splunk’s got what you need
No time for % signs cause we are

the champions!
Is there anybody out there!?
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Leak 
Detection:
Background

Lazy HOAs

Hot Tube Disasters

Machine Learning for.

• Proactive Monitoring / Alerting

• Predictive Detection

• Prevent YEARS of water waste  
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Demo
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Key
Takeaways

1) Corrosion – ML for predicting failures

2) Mobile – Scripted inputs

3) Water Leaks – Fit your own model
w/ subsearch
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Dig in!

1 App! (Depends on MLTK & Maps+)

• Take demo home (README.md)

• Take action at work (README.md)

• Up your Splunk game (README.md)

Download the App

https://github.com/splunk/state-of-good-repair


RATE THIS SESSION

Go to the .conf19 mobile app to
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You!

Thank
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Q&A

Tony Nesavich |  Staff Sales Engineer

https://github.com/splunk/state-of-good-repair

https://github.com/splunk/state-of-good-repair

